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Abstract The integration of AI systems in healthcare settings fundamentally transforms pro
fessional work practices and introduces new requirements for professionals’ competence in as
sessing AI system trustworthiness. While regulatory frameworks such as the EU AI Act man
date sufficient AI knowledge from employees, current studies reveal a significant skills gap in 
managing AI systems. This article examines what governance structures organizations must 
establish to enable employees to assess AI system trustworthiness and ensure continuous capa
bility development. Drawing on Structural Empowerment Theory (SET), it analyses how hu
man-AI interaction evolves from a tool-based to a collaborative-like relationship and identifies 
the organizational conditions required to empower professionals. Through scenario-based case 
analyses from the medical field, the study demonstrates that assessing AI trustworthiness is not 
solely a matter of individual competence but depends significantly on organizational structures 
that ensure access to information, resources, and participatory governance processes. The anal
ysis reveals that with – at least seemingly – ever-advancing AI systems, the complexity of trust
worthiness assessment grows, making individual evaluations alone insufficient. The findings 
indicate that successful AI integration goes beyond technical training and requires a compre
hensive approach that embeds structural empowerment across multiple organizational levels. 
AI governance should therefore not only focus on technology regulation but shape human-AI 
interaction in ways that strengthen professional autonomy, competence, and trust. This neces
sitates establishing new learning and design processes, communication channels, and reflec
tion spaces. The article develops human-centric design principles and presents a capability- 
oriented framework for effective organizational AI governance. While structural empowerment 
represents a promising approach to fostering AI competencies, its limitations in complex and 
dynamic environments are also highlighted. Embedding structural empowerment within an 
adaptive governance framework proves crucial for equipping healthcare professionals to navi
gate the challenges of (potentially increasing) autonomous AI systems while maintaining hu
man-centered decision-making and ethical standards. 

https://doi.org/10.14361/9783839410974-005 https://www.inlibra.com/de/page/agb - Open Access - 

https://doi.org/10.14361/9783839410974-005 
https://www.inlibra.com/de/page/agb
https://creativecommons.org/licenses/by/4.0/


62 Capacities That Enable Digital Governance 

1. Introduction 

As artificial intelligence (AI) continues to be integrated into business operations, 
expectations from the public and regulatory bodies regarding the proficiency and 
accountability of professionals utilizing AI systems have increased (Dlugatch et al. 
2023; Shneiderman 2020). Professionals must cultivate a profound understanding 
of AI functionalities and wide-ranging implications. For instance, the European 
Union’s (EU) AI Act (EU, 2024) mandates that companies developing and deploying 
AI systems must ensure that their employees as well as any individuals operating or 
using these systems have sufficient knowledge about AI (ibid.). Although the term 
“sufficient” remains undefined, the EU AI Act stipulates that employees must at 
least grasp fundamental AI principles, accurately interpret AI-generated outputs, 
and understand the ethical and legal ramifications of AI system usage. However, 
it remains uncertain whether such a level of understanding and competence is 
widespread, as AI systems differ significantly from traditional information systems 
(IS) and are still, for many employees at least perceived as, relatively new in (the 
possibility of) everyday use, leaving many professionals with limited experience in 
their use and oversight (Zhang et al. 2023). Additionally, the human-AI relationship 
is transforming from a simple tool-based interaction to a more intensive collab
oration (Baird and Maruping 2021). A recent survey of AI practitioners, actively 
involved in building, deploying and/or maintaining AI solutions, found that many 
lack confidence in managing AI systems, with only one in four believing they pos
sess adequate skills and knowledge (DataRobot 2024). Moreover, studies reveal a 
widespread sentiment among employees of feeling unprepared to effectively han
dle AI systems, thereby underscoring a critical skills gap that permeates AI-driven 
workplaces (Cetindamar et al. 2022; Cheong 2024). 

Furthermore, those new technologies change existing power relations in the 
field where they are implemented and used. New players are being added, mecha
nisms and modes of cooperation and coordination are changing. These changes can 
be subsumed under governance as the principle of coordination and cooperation 
between actors from different sectors, beyond purely state or market-based regu
lation, taking into account hybrid structures and diverse patterns of organization 
(Matys 2025). In the context of AI, these are generally speaking state institutions, 
universities and companies that develop or/and use these technologies, society as 
an applying actor, etc. 

Against this backdrop, this article explores how the adoption of AI at an orga
nizational level, understood as the implementation and use of AI systems within 
operational workflows as well as the appropriation by employees, affects work prac
tices of professionals and how those work practices affect the AI systems. In doing 
so, it emphasizes the need for organizations not only to integrate AI systems into 
their processes, but also to establish governance structures that enable employees 
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to use these systems responsibly and effectively. A central challenge in this context 
is ensuring that employees are equipped to assess the trustworthiness of AI systems 
and continuously develop the capacities needed to engage with them in a meaning
ful way. Specifically, this contribution addresses the following research questions: 

1) What governance structures should organizations establish to enable employees 
to assess AI trustworthiness? 

2) How can these governance structures ensure the continuous development and 
maintenance of AI-related capacities to deal with AI-systems? 

To illustrate these challenges, we later present two scenarios from the medical field 
(see 5.2). This field is particularly relevant, as it is on the verge of a significant trans
formation, shifting from using AI systems in a supportive manner to integrating 
them as actively involved in decision-making processes (Zou and Topol 2025). Also, 
this field is paradigmatic, as the physicians working in it have characteristics such as 
high qualifications, a strong understanding of the profession with a traditionally in
fluential profession, and representation of interests as a whole, as well as far-reach
ing, important and necessary autonomy of action on the one hand and responsibil
ity for decisions and actions on the other. Following the capacity-oriented approach, 
introduced in the general introduction of this book, we demonstrate why assessing 
AI trustworthiness is especially complex for healthcare professionals. However, al
though our analysis centers on experts in the medical field such as physicians, its in
sights are broadly applicable to other industries, particularly those involving high- 
reliability decision-making (e.g., finance, law enforcement). We emphasize the crit
ical role of structures and resources on an organizational level as well as autonomy 
and subjective strategies (work practices) on an individual level to make employees 
capable of dealing with AI systems. This means being able to use it but also being 
involved in its organizational embedding and design. Along the Structural Empow
erment Theory (SET), we will show how organizations can (and need to) support the 
development of capacities of employees. Using a scenario-based case design, we il
lustrate implications for practical realization. Additionally, this article seeks to high
light the importance of developing previously missing organizational AI governance 
guidelines that reflect the needs and perspectives of employees. Specifically, it aims 
to present a capacity-oriented framework for effective AI governance in organiza
tions and – finally – ‘good governance for good work’. 

The article is structured as follows: Section 2 examines the differences between 
AI-enabled software and traditional software, the distinction between narrow AI 
and in some disciplines so called ‘agentic’ AI,1 as well as capability-based perspec

1 Not only – but especially – from a sociological perspective, descriptions of technical artefacts 
such as AI that imply, they themselves possess agency, must be treated with caution. Even if 
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tives of AI competencies. Section 3 introduces the Structural Empowerment Theory 
and its relevance to AI governance in organizations, followed by Section 4 presenting 
a capacity-based approach towards shaping “good” governance including two sce
narios of AI use in a medical context and the exploration of elements with impact on 
individual and organizational capacities required to effectively interact with and, in 
general, use AI systems. Section 5 provides a conclusion and practical implications. 

2. Background 

2.1. How Does AI Differ from Traditional Software? 

AI-driven or at least AI-supported information systems represent a novel and in
creasingly prevalent type of technical systems (e.g., especially software systems) that 
stand apart from traditional counterparts (Murray et al. 2021). While both aim to 
achieve defined goals efficiently and logically through a set of rules (Barocas and 
Selbst, 2016), the key distinction lies in the possibility and ability of some AI sys
tems to learn and adapt. Unlike, e.g., standard software, which relies on pre-pro
grammed instructions, AI systems process vast amounts of diverse data over vary
ing time spans and derive conclusions independently (Zuboff 2023). This capability 
stems mainly from machine learning (ML), where algorithms identify patterns and 
refine their operations based on the data they receive, without requiring explicit pro
gramming for every scenario (Kellogg et al. 2020). By leveraging this learning mech
anism, some AI systems are said to be able to build up their own understanding of 
decision problems and automatically generate optimized solutions to achieve spec
ified goals (Dietvorst et al. 2015). 

One of the key distinctions among AI systems is the difference between narrow 
AI and ‘agentic’ or, to put it more nuanced, advanced AI. While narrow AI operates 
within predefined constraints and requires direct human oversight, advanced AI 
exhibits a higher degree of automatic processing, enabling it to act automatically 
in complex environments. According to Mitchell et al. (2025), an AI is considered 
“agentic” if it: 

• Pursues goals independently without direct human control. 

some Science-and-Technology-Studies schools speak of certain actants, sometimes referring 
to capacities inscribed in technical systems, yet here the point is usually only that artefacts 
exert effects. Genuine agency – with meaning, autonomy, and accountable responsibility – 
is usually reserved for human beings (ibid.). Labelling AI indiscriminately as agentic there
fore risks obscuring human (individual and organizational) responsibility and forgetting that 
technology is always socially embedded in its origins and consequences. 
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• Uses tools and resources independently to complete tasks without requiring ex
plicit human commands. 

• Makes ‘autonomous’ (or rather: automated) decisions by calculated selecting, 
processing, and responding to information on its own. 

• Operates effectively in open environments, meaning it can adapt flexibly to new 
situations. 

Thus, unlike traditional narrow AI systems that mainly follow rule-based operations, 
novel advanced AIs are more proactive and can (help) solve unforeseen problems 
independently, choose based on calculations between different strategies and ac
tively utilize external tools or APIs to achieve objectives (Kapoor et al. 2024). Histor
ically, AI technologies were developed to enhance human decision-making rather 
than functioning independently. Berente et al. (2021) note that earlier AI systems, 
such as decision support and expert systems, primarily relied on structured data 
provided by human analysts. In contrast, modern AI systems are increasingly capa
ble of processing information that has not been explicitly delegated by humans. 

However, the distinction between narrow and ‘agentic’, advanced AI systems is 
not clear-cut. Instead, there is a continuum of AI systems varying in terms of the de
gree of (possible) automation (Mitchell et al. 2025; see Figure 1). As AI technologies 
advance from narrow, task-specific systems to advanced entities, their capabilities 
and applications expand significantly. On the other side, the rapid advancement of 
AI offers not only chances but also introduces new risks (Chan et al. 2023). For ex
ample, due to their automated decision-making capabilities, advanced AI systems 
may generate unintended consequences that are difficult to predict or control. While 
narrow AI systems typically operate under human oversight, advanced AI systems 
can operate in ways that go beyond initial programming, potentially leading to ethi
cal dilemmas, security risks, and legal concerns. Chan et al. (2023) also highlight the 
potential for higher systemic and delayed harms caused by such AI systems. These 
harms may gradually accumulate, disproportionately affecting marginalized com
munities and reinforcing existing biases in ways that are difficult to detect and mit
igate. Consequently, the increasing capabilities of AI-driven automated processing 
present new challenges in assessing their trustworthiness, particularly in high-re
liability fields such as healthcare. For example, Zou and Topol (2025) note that the 
U.S. Food and Drug Administration traditionally evaluates AI-enabled medical de
vices as tools for addressing specific tasks. However, due to new developments, such 
regulatory approaches have to be at least evaluated and probably adjusted. 
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Figure 1: Levels of advancement in software and AI tools. Own illustration based on Mitchell 
et al. 2025. 

2.2. What Is the Impact of AI Systems in Organizations? 

This technological shift, distinguishing AI systems from earlier IS, brings signifi
cant implications across social, ethical, and organizational dimensions. For exam
ple, since then, AI systems have differed fundamentally from traditional IS by auto
mated (self-)learning from data rather than relying on predefined, human-provided 
instructions (Samuel 1959). That capability allows AI systems to find solutions based 
on large amounts of data that are difficult or impossible for humans to manage, and 
offers the opportunity for unique and complementary outputs (Fügener et al. 2022). 
So, AI technology can outperform human decision-makers especially in processing 
vast datasets at exceptional speeds while maintaining a primarily (at least mathe
matical-formal) rational approach (Smith and McKeen 2011), leading to new forms 
of human-technology collaboration. With these capabilities, AI systems are getting 
increasingly more attractive also for high-reliability environments like healthcare 
(Lebovitz et al. 2022), becoming a key factor by assisting with complex tasks tradi
tionally managed by human experts. This opportunity of collaboration can leverage 
the strengths of both humans and AI, enhancing precision and efficiency in crit
ical fields like diagnostics, treatment planning, and operational safety. However, 
the characteristics of AI systems present challenges for real-world deployment and 
human-AI-collaboration. Since AI systems rely on statistical methods, they are in
herently probabilistic and prone to errors (Berente et al. 2021). These statistical ap
proaches can result in inconsistent behavior, further compounded by the opacity of 
the systems (Amershi et al. 2019; Schuetz and Venkatesh 2020). 
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Overall, the characteristics of AI systems also necessitate the development of 
new human skills. Individuals must learn to make critical decisions about whether 
and when to delegate tasks to AI, assess the reliability of AI-generated outcomes, 
and effectively communicate these results to stakeholders, such as customers or pa
tients. This shift emphasizes the importance of fostering AI competencies, trust cal
ibration, and communication expertise to navigate the complexities of human-AI 
collaboration. 

2.3. Capacity-Based Perspective of AI Competencies 

The integration of AI systems into organizational contexts – particularly in high-re
liability environments such as healthcare – is not merely a technical development. 
It marks a deeper transformation of professional roles, decision-making structures, 
and (thus) governance arrangements. The shift from traditional software toward in
creasingly advanced AI expands both the opportunities and the uncertainties pro
fessionals face. The EU AI Act, among other regulatory initiatives, reflects this shift 
by requiring sufficient ‘competence’ to use, oversee, and evaluate AI systems respon
sibly. But what exactly constitutes this ‘sufficient competence’? What does it mean, 
in practice, to have the capacity to evaluate, e.g., the trustworthiness of AI systems, 
particularly when their logic, limitations, and impacts often are opaque? 

This article proposes that such evaluation requires more than isolated tech
nical knowledge. It entails developing labor capacity which leads to the ability of 
evaluating the trustworthiness of AI usage. This includes, but is not limited to (see 
Ramezani et al. 2025): 

• technical understanding of how AI systems function, including awareness of 
their limitations and potential biases. 

• confidence and competence to question or interpret AI-generated recommen
dations. 

• understanding of how AI decisions affect different stakeholders (e.g., patients, 
colleagues). 

• AI systems broader implications for labor processes (see Pfeiffer 2014), work 
practices, clinical outcomes, and long-term societal consequences. 

This leads us to a capacity-based perspective: Employees and especially professionals 
must not only possess individual skills, competences, and experience, but also work 
under organizational conditions that enable them to use and develop these. In short, 
they are individual, institutional and relational. They must be supported by organi
zational governance structures that ensure transparency, feedback, discretion, and 
participation. In this regard, several key concepts have to be clarified: 
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Ability refers to a person’s actual or perceived skill to perform a specific task – 
for instance, interpreting AI systems’ outputs. Capacity, by contrast, refers to the 
real freedom to act in a way that aligns with one’s values and goals. It includes the 
presence of enabling conditions such as time, support, and access to knowledge. In 
our context, capability is the broader and more relevant term, since it incorporates 
both individual skills and institutional support (also see Sen 1999). 

While trust is a relational or emotional stance – one’s willingness to rely on others 
– trustworthiness refers to whether a system or actor actually deserves trust. AI gov
ernance must focus not only on encouraging professionals to trust, but also on en
suring that AI systems and their governance structures are trustworthy, i.e., trans
parent, accountable, and ethically sound (also see Hurley et al. 2025; Rubeis 2024). 

Competence is the demonstrated ability to perform a task effectively; confidence is 
one’s belief in that ability. AI governance must support both – professionals need 
to know how to interact with AI systems, but also feel secure enough to question, 
validate, or reject their outputs (also see Donia et al. 2024). 

Responsibilisation describes a governance logic in which responsibility is shifted 
to individuals – such as clinicians – without giving them the resources or control 
necessary to act effectively. In the context of AI systems, professionals may be held 
accountable for decisions influenced by systems they did not design, understand, or 
fully control (also see Bleher and Braun 2022). 

This conceptual foundation allows us to better understand why it is essential 
for trustworthy and effective AI governance to not only locate the responsible use 
of AI systems at the individual level, but to structurally empower users and (at best 
all) stakeholders to do so – especially in settings where decisions impact not only 
individual employees, but entire professional and organizational systems. The fol
lowing sections build on this basis to outline how empowerment can be structurally 
embedded in governance and how such embedding shapes the evolving human–AI 
relationship. As a paradigmatic field of application for various reasons already men
tioned and still to be shown, we continue to illustrate the present topic at appropriate 
points with work and organizations in the healthcare sector. 

3. Structural Empowerment Theory and AI Governance 

3.1. Structural Empowerment Theory 

From social science research into technology and digitalization over the past 40 
years we know that the introduction and use of new technologies is not a purely 
technical process, but always socially embedded (Pinch and Bijker 1984). Techni
cal artefacts are charged with expectations, interests and meanings by various 
stakeholders, for example management, technology companies, employees, service 
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providers, politicians, etc. The concrete design and use of technology are therefore 
the result of a social negotiation process. 

However, this process is not free of hierarchies and power asymmetries. This ap
plies at a global and social level as well as at an organizational level. Organizational 
power relations are changing as a result of the implementation and use of these tech
nologies, existing inequalities, e.g., within the workforce, are reinforced or new ones 
created (Huws 2014; Schrape 2021). 

Many studies show that the actual use of new technologies often deviates from 
originally intended goals (originally Suchman 2007). Employees develop so-called 
‘workarounds’ or use tools creatively to solve everyday work problems. Digital tech
nologies are thus not merely ‘implemented’, but ‘integrated’ into everyday work 
practices. This means that the implementation in this practice should sensibly leave 
room for user-side appropriation and influence on implementation and further 
development. A participatory and context-sensitive implementation of digital tech
nologies assumes that all those involved are able to participate in this process. This 
requires empowerment and an extensive recourse to the employees’ labor capacity 
(Boes et al. 2020; Pfeiffer 2014). 

This also applies to the current discussion on AI and work, where most debates 
on digitalization research are being continued, e.g., on questions of inequality, the 
automatability and replaceability of workers, qualification requirements, co-deter
mination and design issues, new forms of work and tasks or the evolvement of new 
occupational fields. More recent aspects are the increased interest in ethically ori
entated questions, the penetration of the functional mechanisms and the question 
of a (re-)distribution of responsibility. 

As we focus on the organizational level and issues relating to the design of AI-re
lated governance, this does not mean leaving out the external institutions and ac
tors that play a role in this process, such as legislation, professional and trade as
sociations, or technology companies, but rather looking at their role in governance 
in organizations from the internal perspective of the organization. The concern to 
point out which aspects strengthen the role of employees leads us to the question of 
how structures of empowerment and the development of important capacities can 
be analyzed and assessed. 

This is where structural empowerment theory comes into play. At the time, Kan
ter raised the question – relatively independently of technical developments – of 
how the structural inequality of employee groups (in this case men and women) 
could be offset by systematic support from the organisation and how this could en
sure greater and more equal participation in developments within the organization 
(Kanter 1993). 

Structural empowerment refers to the organizational conditions that enable 
employees to access essential resources, information, support, and opportunities 
necessary for professional autonomy and decision-making (Kanter 1993). In the 
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context of AI integration, structural empowerment is crucial for ensuring that pro
fessionals can effectively engage with AI systems, maintain trust in their outputs, 
and make informed decisions. Thus, empowerment can be understood as the pro
cess of equipping employees with the necessary knowledge, tools, and institutional 
support to confidently interact with AI systems, critically assess their recom
mendations, and make informed decisions that align with ethical, professional, 
and organizational standards (Thomas and Velthouse 1990). Kanter’s framework 
identifies four key dimensions of structural empowerment: 

1) Access to information: information and knowledge necessary to perform tasks 
2) Access to resources: assets in terms of money, material and working time 
3) Access to support: reflecting own work practices by receiving guidance and feed

back from colleagues and supervisors 
4) Access to opportunities: learning opportunities to allow for knowledge and skills 

growth. 

Our conceptual basis adopts these four dimensions as its guiding theoretical frame
work. We argue that structural empowerment is essential for employees to develop 
both the confidence needed to assess the trustworthiness of AI system usage and 
the capacity to deal with AI systems in a useful way. For example, access to infor
mation helps employees understanding AI systems’ capabilities and limitations, en
abling critical evaluation of outputs. Access to resources provides the necessary tools 
and time to engage with AI systems responsibly. Access to support through feedback 
from colleagues and supervisors fosters collaborative problem-solving and contin
uous improvement. Finally, access to opportunities ensures employees stay updated 
on technological advancements, adapt to emerging ethical and legal challenges and 
rethink the way of using AI systems. 

The integration of AI systems into decision-making introduces the need for new 
capacities among professional knowledge workers, including physicians and man
agers. For instance, physicians must develop the ability to understand and explain 
AI-driven decisions to patients, discern when to trust AI systems’ recommenda
tions, and recognize situations where human judgment should override AI systems’ 
output (Zhang et al. 2023). 

In the medical field, the use of AI-driven diagnostic tools illustrates how the de
mand for professionals has shifted. For example, consider AI systems that analyze 
medical imaging, such as X-rays or MRIs. In the past, radiologists relied heavily 
on their ability to manually assess each image, leveraging their pattern recognition 
skills honed through years of study and experience. The process required careful at
tention to detail, deep expertise in imaging interpretation, and an understanding of 
subtle variations that indicate diseases. Today, AI systems can process and analyze 
large volumes of medical images rapidly, often highlighting potential issues with 

https://doi.org/10.14361/9783839410974-005 https://www.inlibra.com/de/page/agb - Open Access - 

https://doi.org/10.14361/9783839410974-005 
https://www.inlibra.com/de/page/agb
https://creativecommons.org/licenses/by/4.0/


O. Behn, M. Jungtäubl, M. Leyer, M. Will-Zocholl: Trustworthiness of AI Systems in Healthcare Settings 71 

high accuracy (Smith and McKeen 2011). While this can reduce the time required for 
diagnosis, it also can shift the necessary skills for physicians. Instead of focusing 
solely on manual interpretation, healthcare professionals now need to: (1) be able 
to interpret AI-generated insights critically and validate these recommendations 
against their clinical judgment; (2) collaborate effectively with AI systems, which 
requires competencies in integrating machine-generated insights into treatment 
planning, ensuring seamless communication across medical teams, and maintain
ing adherence to clinical protocols; (3) assess potential biases in AI systems, ensure 
compliance with ethical standards, and prioritize patient safety. 

As AI systems continue to evolve, the emphasis in healthcare shifts from man
ual diagnostic expertise to critical data interpretation, collaborative workflows, and 
ethical decision-making. But with this shift comes the need to ensure that AI sys
tems can complement human expertise while maintaining high clinical standards 
and ensuring patient safety. These challenges underscore the need to empower pro
fessionals effectively to navigate this new environment – and to take part in its shap
ing. 

Using SET as a guiding framework, the following requirements per SET dimen
sion emerge based on the current state of our argumentation in order to enable em
powerment in the context of AI systems in healthcare: 

1) Access to information means that healthcare professionals and managers need 
clear, comprehensive, and transparent insights into how AI systems function. 
This includes understanding underlying algorithms, data inputs, and decision- 
making processes of AI to explain them effectively and make informed choices. 

2) Access to resources: To work effectively with AI, healthcare professionals require 
resources such as state-of-the-art AI systems, adequate time to engage in AI-re
lated training and decision-making, and institutional/organizational support 
for implementing AI systems. 

3) For access to support continuous feedback and collaborative learning opportuni
ties with colleagues, AI developers, and supervisors are critical. Support systems 
must be in place to help professionals evaluate AI-generated recommendations, 
troubleshoot issues, and improve their ability to work alongside AI systems. 

4) Access to opportunities: Empowerment requires investment in ongoing educa
tion and training programs to help professionals and managers enhance their 
labor capacity. For example, workshops on interpreting AI systems’ outputs, eth
ical usage of AI systems, and decision-making in complex scenarios can foster 
confidence and competence in leveraging AI systems effectively. 

By structuring empowerment initiatives around these four dimensions, organiza
tions may enable professionals to remain or become capable of acting, designing, 
and adapting to challenges and opportunities presented by AI systems in high-re
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liability decision-making environments. This approach might ensure that they can 
make the most of AI systems while safeguarding the integrity of their decisions, ac
tions, and work in general. 

3.2. The role of Structural Empowerment in AI Governance 

As the integration of AI into healthcare goes far beyond technological change, 
broader questions need to be asked and implications considered and addressed. 
Ultimately, there are even fundamental questions of trust not only in the technol
ogy itself, but also in the organizations using it and the actors involved with their 
interests, knowledge, motives, scope for decision-making and action, skills and 
much more. And ultimately, it is also about trustworthiness at various levels and 
the ability to assess the trustworthiness of technical and organizational systems 
(at all). This concerns both patients in the healthcare sector as well as professionals 
from different disciplines who are (directly or indirectly) affected by the use of AI 
systems. 

While AI systems promise enhanced efficiency, their implementation simul
taneously introduces new forms of standardization and formalization, shifts in 
professional identity, autonomy, and (the need for) changing governance structures 
(Bartsch et al. 2025; Jones et al. 2023; Jungtäubl 2024). AI governance actively shapes 
how AI systems are embedded in clinical environments, determining who has access 
to knowledge, who retains decision-making authority, and – depending on the con
crete governance design, directly or indirectly or intentionally or unintentionally – 
how professional roles change or evolve. Moreover, the tension between AI-driven 
neo-taylorisation of work2 on the one hand, and increasing work intensification 
and rising job complexity on the other, must also be considered – particularly in 
healthcare settings (Altenried 2020; Mantello et al. 2023; Söllner et al. 2025). 

Drawing on SET outlined before, this section explores how AI governance frame
works influence professionals’ access to information, resources, support and op
portunities – key dimensions relevant to their autonomy and engagement, and ul
timately their ability to assess the trustworthiness of AI systems.3 AI governance, 
however, is neither neutral nor purely technical. It can shape professionals’ experi
ences with AI systems and their trust in organizational structures that (should) over
see the implementation of AI systems and not outsource it to employees choices or 

2 Neo-Taylorisation of work refers to the contemporary revival and intensification of Taylorist 
practices – e.g., strict task decomposition, AI-driven surveillance and algorithmic control – 
often implemented at the expense of employee discretion and autonomy to maximize effi
ciency. 

3 Ultimately, the employees, who in turn are in direct contact with the organizational environ
ment – the patients – also represent trustworthiness to the outside world. They are therefore 
under particular pressure. 
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primarily to them with insufficient support.4,5 If we now additionally extend SET 
through the lens of labor processes and subjectification, we can understand how AI 
systems influence the self-perception of professionals, their identity and the risks 
associated with increasing algorithmic accountability, and what impact this ulti
mately has on the (perceived) capacities of employees. 

3.2.1. AI Governance as Structuring Force for Work, Trust(worthiness), 
and Empowerment 

In the healthcare sector, issues relating to trust are not only about trust in techni
cal systems such as AI reliability, but also about the implementation of embedding 
in and thus overarching trust in “the healthcare system”, the organization of a hos
pital, etc. This is closely linked to governance structures that enable professionals 
to practically use AI in a meaningful way. “Meaningful” here implies improved pro
ductivity, enhanced work quality, healthy working conditions, self-efficacy, and pro
fessional identity. Such factors are also basic conditions for establishing and main
taining trustworthiness of AI (Kiseleva et al. 2022; Petersson et al. 2022; WHO 2021). 
Following SET, empowerment for ‘good’ AI governance6 occurs when professionals 
are actively involved and have capacities to do so. Such active involvement and par
ticipation are strongly linked to SET dimensions. Professionals (and other employ
ees as well) need transparency, explainability and contextualization in order to be 
able to interpret AI systems’ results in a competent manner. Otherwise, there is a 
risk that AI governance will create a “black box bureaucracy” (Ananny and Crawford 
2018; Pasquale 2015) that undermines trust and professional commitment. The ac
tive information of professionals is therefore essential in the context of governance 
and must be regulated, whereby employees should at best already be involved in the 
development of AI governance in order to embed their own aspiration in form of 
needs, knowledge and experience. It is further important to maintain and improve 
the resources of professionals by providing them with adequate training, sufficient 
time for professional learning and solid technical and organizational support as nec
essary prerequisites for enhancing their labor capacity that enables maintaining and 
developing AI-related competencies. AI governance structures must explicitly sup
port these resources to reach the goal of strengthening trust, trustworthiness, pro
fessionalism, and identity. This is necessary to enable other positive effects of and 
for mutual learning between healthcare professionals and AI developers as well as 
between professionals and AI systems themselves. 

4 According to initial, explorative empirical impressions from the DigiGov project interviews, 
the latter appears to be the case. 

5 Ergo, questions for and perspectives on digital/AI ethics arise as discussed, e.g., Jungtäubl, 
Zirnig and Ruiner (2024). 

6 In analogy to “good work” as a normative framing of working conditions. 
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Healthcare professionals need the support of their organization and other insti
tutions (such as professional societies in the medical field, etc.) in the context of pro
fessional empowerment, for example in form of continuous collegial support and 
exchange as well as feedback mechanisms to the organization and to AI-developing 
companies, collaborative interactions and clearly regulated and jointly defined re
sponsibility structures. AI governance must also prevent algorithmic fatigue (Bud
hwar et al. 2023) by maintaining supportive human interactions rather than replac
ing them with purely algorithmic controls. Ultimately, such structures and mecha
nisms also encourage developments around AI to promote, rather than restrict, ca
reer and professional development (opportunities), allowing professionals to develop 
new capacities through continuous, supported skill-building and co-creation pro
cesses (Jiang et al. 2021). Thus, AI governance actively shapes both the professional 
and organizational trust necessary for successful AI integration, enabling profes
sionals to – finally – confidently and autonomously assess AI trustworthiness. 

3.2.2. Balancing Trust, Autonomy, and Algorithmic Control 
Subsequently to those considerations about effective AI governance in the medical 
field respectively in healthcare, three critical tensions must be carefully balanced in 
order to provide professional empowerment. 

• Autonomy vs. Algorithmic Standardization: AI systems may enhance autonomy by 
reducing repetitive tasks; however, excessive reliance on AI systems’ recommen
dations can undermine professional judgment and autonomy. And, autonomy 
can be reduced by the programming of the systems as they allow some cases 
and restrict others. AI governance frameworks must ensure that AI systems re
main advisory rather than prescriptive or predictive, maintaining professional 
human agency in clinical decisions. It is also important to note that experienced 
staff seem less likely to use AI systems anyway and, even when they do, are good 
judges of how far they want to rely on AI systems’ outputs, whereas less expe
rienced staff are more likely to do so and, precisely because of their lack of ex
perience, are less able to judge how good the quality of AI systems’ outputs are. 
These and other points therefore have an impact on autonomy and the scope for 
action. 

• Competency Enhancement vs. De-skilling: AI systems shift professional roles to
wards interpretative oversight. Without structured empowerment and ongoing 
training, professionals risk experiencing de-skilling, diminishing confidence in 
their own expertise and AI systems. Governance must thus emphasize capacity- 
based approaches, ensuring AI systems complement rather than replace profes
sional judgment, and must address the question of what degree of dependency 
on those systems is acceptable. 

https://doi.org/10.14361/9783839410974-005 https://www.inlibra.com/de/page/agb - Open Access - 

https://doi.org/10.14361/9783839410974-005 
https://www.inlibra.com/de/page/agb
https://creativecommons.org/licenses/by/4.0/


O. Behn, M. Jungtäubl, M. Leyer, M. Will-Zocholl: Trustworthiness of AI Systems in Healthcare Settings 75 

• Trust in AI vs. Trust in Governance: Professionals’ trust in AI systems depends 
significantly on transparent, accountable and participatory AI governance. 
Even high-performing AI systems may be rejected if AI governance lacks trans
parency and participatory mechanisms. AI governance structures must there
fore include clear accountability processes, participatory design approaches, 
and explicit dispute-resolution mechanisms. Ultimately, this not only leads to a 
potentially improved identification with the organization and its AI governance, 
but increases the chance of acceptance and appropriation as well as the quality 
of reliance on new technology such as AI. 

These tensions emerge differently depending on the complexity and apparent ‘au
tonomy’ of AI systems, which highlights the need for flexible governance approaches 
that are tailored to the different levels of AI integration and are continuously re
viewed and realigned where necessary – from narrow to (highly) advanced AI sys
tems. 

3.2.3. Subjectification of Work, Control, and AI Governance 
AI governance also directly influences professionals’ subjective experiences of work, 
affecting self-perception, professional identity, and accountability structures. On 
the one hand, the introduction of AI can paradoxically lead to increased demands for 
autonomy (professionals interpret and integrate AI systems into work processes). 
On the other hand, it also harbors the risk of new forms of control and heteronomy 
(e.g., through algorithmic performance monitoring, prescriptive standardization). 
This risk sometimes arises precisely from the desired transparency, which can ex
tend beyond the technical systems to work processes in which AI systems are em
bedded. 

Without structural empowerment, professionals risk “algorithmic responsibi
lization”, becoming accountable for AI systems’ outcomes without decision-making 
authority (Adensamer et al. 2021). This leads to increased cognitive burdens, iden
tity erosion, and challenges in overriding AI systems’ recommendations – especially 
under economic pressures prevalent in healthcare. To counteract these negative sub
jectification effects, AI governance must prioritize: 

• Human-in-the-loop models: Maintaining genuine human oversight, reducing per
formative validations of AI systems’ outputs. 

• Co-design and participatory governance processes: Ensuring professionals actively 
shape AI systems development and integration, aligning AI systems with real- 
world work practices. 

• Explicit accountability structures: Clarifying responsibility for AI systems’ deci
sions, preventing unintended accountability shifts onto frontline professionals. 
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4. Towards “Good” AI Governance: A Capacity-Based Approach 

A genuinely empowerment-oriented AI governance model ensures that AI systems 
support professional autonomy, capacity-building, and trust rather than imposing 
rigid control or labor intensification. Key principles include: 

• Transparency and explainability: Ensuring AI interpretability so professionals 
trust AI systems because they understand them, not merely due to external 
expectations. 

• Autonomy-preserving AI design: AI systems as assistive technology, reinforcing 
clinical discretion rather than enforcing algorithmic compliance. 

• Continuous skill development and organizational learning: Investing in continuous 
competence-building to develop genuine trust based on professional skill, not 
blind acceptance. 

• Participatory AI governance: Involving professionals in governing AI systems ac
tively ensures context-sensitive governance aligned with professional needs, not 
abstract managerial or purely technological priorities. 

Embedding these principles into AI governance can create a trust-based work en
vironment where AI reinforces rather than undermines professional expertise and 
autonomy. 

Table 1: Structural empowerment from the perspective of AI governance. 

SET Dimen

sion: 
Access to… 

AI Governance Considerations Impact on work, trust(worthi
ness), and professional identity 

Information 
• Transparency regarding technical 

functionalities and organisational 
decision-making processes (gover
nance transparency) 

• AI system explainability and inter
pretability of results 

• Clear disclosure of data provenance 
and decision criteria underlying AI 
systems’ outputs 

• Trust increases when 
professionals can au
tonomously assess and 
understand AI systems’ 
outputs. 

• Enhances self-efficacy and 
reduces risks of “black-box 
bureaucracy.” 

• Prevents risks of algorith
mic responsibilization 
(accountability without 
meaningful authority). 
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SET Dimen

sion: 
Access to… 

AI Governance Considerations Impact on work, trust(worthiness), 
and professional identity 

Resources 
• Investments in continuous 

professional development and 
labor capacity 

• Provision of sufficient time, 
technical infrastructure, and 
organisational resources 

• Supporting individuals in 
developing necessary compe

tencies for effective AI system 
use and oversight 

• Enables meaningful integration 
of AI systems into daily prac
tices, preventing overload and 
de-skilling. 

• Builds trust as professionals 
possess adequate capacities and 
resources for safe, responsible, 
and efficient AI system use. 

• Supports healthy, sustainable, 
and professionally enriching 
working conditions. 

Support 
• Establishing clear account

ability structures and re
sponsibilities for AI-based 
decisions 

• Fostering collaborative and 
participatory AI governance 
models (co-design, human-in- 
the-loop) 

• Institutionalized support 
mechanisms (peer networks, 
feedback systems) to avoid 
algorithmic isolation and 
fatigue 

• Reduces algorithmic isolation 
and cognitive burdens through 
collective reflection, discussion, 
and validation of AI recommen

dations. 
• Increases organisational trust 

and prevents negative subjectifi
cation effects (e.g., over-responsi
bilization, identity loss). 

• Ensures sustainable, human-cen

tric interaction with AI systems. 
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SET Dimen

sion: 
Access to… 

AI Governance Considerations Impact on work, trust(worthiness), 
and professional identity 

Opportuni

ties • Promoting continuous devel
opment of AI competencies as 
integral to professional career 
paths and work environments 

• Leveraging AI systems as an 
enhancement (not a replace
ment) of professional exper
tise and decision-making 
autonomy 

• Creating new professional 
roles and opportunities 
through co-design processes 
and active professional in
volvement in AI system imple

mentation 

• Supports positive perception 
of AI systems as extending and 
strengthening professional com

petencies rather than restricting 
them. 

• Avoids negative subjectification 
effects (role degradation, loss 
of autonomy and professional 
discretion). 

• Reinforces professional iden
tity and autonomy by enabling 
active shaping and meaningful 
integration of AI systems into 
professional roles. 

4.1. Conceptual Framework: AI Governance, Structural Empowerment, 
and Professional Outcomes 

The conceptual framework depicted in Figure 2 provides a structured overview of the 
core theoretical relationships addressed in this article. Building on previous discus
sions, it illustrates how organizational AI governance directly influences both orga
nizational capacities and individual employee capacities. Central to this relationship 
is the SET, which serves as a critical mediator between governance structures and 
individual outcomes, particularly the (perceived) ability to evaluate trustworthiness 
of AI system usage. 

At the organizational level (left side of Figure 2), AI governance structures en
compass distinct dimensions such as accountability, decision rights, transparency, 
fairness, privacy, and data governance. These governance dimensions vary accord
ing to concrete regulations or structures within organizations as well as according 
to whether the AI systems are narrowly defined or more advanced and (can be) used 
more extensively. The interplay of these AI governance dimensions shapes the or
ganizational conditions that professionals encounter, defining their access to cru
cial resources for effectively integrating AI systems into their work. The four SET 
dimensions provide a direct pathway through which organizational AI governance 
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conditions influence individual capacities, shaping both practical and psychological 
outcomes at the workplace. 

On the individual level (right side of Figure 2), the outcomes are categorized 
into two interconnected areas: implications for labor processes and work practices 
as well as subjective, psychological effects. Work practices include dimensions such 
as autonomy, complexity, social interactions, and meaningfulness of tasks. Individ
ual outcomes on employees, as subjects, cover aspects like psychological ownership, 
role identity, perceived legitimacy of AI systems, trust, and potential negative effects 
such as algorithmic fatigue or feelings of over-responsibilization. Collectively, these 
individual outcomes determine the ability of professionals to competently assess the 
trustworthiness of AI systems – an essential competency increasingly demanded by 
regulatory frameworks such as the EU AI Act (EU, 2024). Furthermore, the concep
tual framework acknowledges external influences, such as societal norms and reg
ulations, and behavioral effects like avoidance behaviors, resistance, or deviations 
from prescribed AI system usage, indicating the broader social and organizational 
implications of AI governance decisions. 

In sum, the conceptual framework clearly illustrates that AI governance is not 
merely a technical consideration but an essential structural dimension shaping pro
fessional roles, identities, and trust relationships within organizations. By leverag
ing SET, it is, on the one hand, an analyzation-tool and, on the other hand, it offers 
concrete pathways to actively design governance frameworks that empower profes
sionals and foster meaningful human-AI collaboration (Chowdhury et al. 2022). 

Figure 2: Conceptual Framework. 
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4.2. Medical AI Scenarios 

Now we present two hypothetical scenarios. The first scenario focuses on a medical 
setting where AI-powered software assists radiologists by analyzing medical imag
ing, helping to identify potential health concerns like tumors. The second scenario 
shifts to the perspective to advanced AI systems in triage decisions. By examining 
these two scenarios, we will demonstrate these relationships concretely, highlight
ing specific governance challenges and empowerment strategies in different clinical 
contexts. The interplay of trust, empowerment, and subjectification varies substan
tially depending on the scope of the respective AI system, so the following section il
lustrates (some) distinctions concretely through two contrasting scenarios, demon
strating why adaptive, empowerment-oriented AI governance – grounded explicitly 
in SET – is essential. Such governance does more than manage technological risks; 
it actively shapes professional roles, work experiences, and trust in AI system inte
gration. 

4.2.1. Scenario – Narrow AI: Cancer screening and professional autonomy 
Dr. Anna Berger, an experienced radiologist at a leading hospital, starts her working day as
sisted by an AI-powered diagnostic tool designed to enhance cancer screening accuracy. The AI 
system is designed to analyze MRI and CT scans, identifying potential tumors to improve diag
nostic accuracy. It utilizes deep learning algorithms trained on millions of real-world medical 
images. 
As the AI system delivers its initial analysis results, Dr. Berger notices that the AI has flagged 
a suspicious lesion – something she might not have noticed at first glance. She manually re
views the findings and confirms the need for further investigation. While the AI automatically 
detects standardized patterns in routine cases, it is up to Dr. Berger to assess complex and un
usual cases, consider individual patient factors, and ultimately determine the final diagnosis 
and next medical steps. 

This division of working tasks (and responsibilities) between human and AI il
lustrates how AI systems can effectively support professionals by relieving them of 
routine analytical tasks, thus allowing clinicians to focus on more challenging cases. 
However, it also increases job complexity, as Dr. Berger must now manage the in
tersection of her clinical judgment with the AI generated recommendations. Fur
thermore, the phenomenon of algorithmic opacity emerges: Dr. Berger understands 
that the AI system flags certain images, but she may not fully comprehend why mi
nor variations in patient data alter AI decisions, reflecting pragmatic opacity as dis
cussed in recent research (Bhat 2025; Shahidi Hamedani et al. 2025). 

From a SET perspective, the success of such AI system integration critically 
depends on governance structures that ensure transparency and continuous vo
cational training. Dr. Berger requires targeted training, sufficient resources, and 
organizational support to confidently interpret, validate, and sometimes override 
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AI recommendations. Without clear governance guidelines, she risks experiencing 
heightened cognitive burdens and algorithmic responsibilization – where account
ability for diagnostic outcomes is placed upon her, even as her ability to influence 
the underlying logic of the AI system remains limited. 

Previous studies support the realism of this scenario. Eisemann et al. (2025), for 
instance, found that AI-assisted mammography significantly improved cancer de
tection rates without increasing false positives, highlighting AIs’ potential to aug
ment professional expertise without replacing it. Yet, to achieve such positive out
comes sustainably, AI governance frameworks must prioritize transparent and ex
plainable AI, structured feedback loops, and the active participation of medical pro
fessionals in AI system development. 

This scenario underscores that the perceived ability to evaluate the trustwor
thiness of AI systems is not merely a function of individual technical expertise, 
but emerges at the intersection of personal competence, institutional support, 
and transparent AI system design. For professionals like Dr. Berger, structural 
empowerment – including targeted training, resource provision, and participatory 
(AI) governance mechanisms – constitutes a critical precondition for developing 
the evaluative confidence and contextual understanding required to responsibly 
interpret and, where necessary, contest AI-generated outputs. 

4.2.2. Scenario – Advanced AI: Automated Emergency Triage 
Dr. Jonas Meier, an experienced emergency physician, begins his shift at one of the busiest emer
gency departments in the city. Recently, an (advanced) AI system has been assisting physicians 
by accessing real-time digital patient records, current hospital data, societal health statistics, 
and news. Its main purpose is to support triage decisions: Unlike narrow AI that operate within 
predefined boundaries, this AI system dynamically pulls from multiple real-time data sources 
to assess case urgency, prioritize patients, and allocate resources more efficiently. 
The AI is capable of independently and flexibly deciding which data is relevant and which is 
not. It can also automatically ‘decide’ which tools to use in problem-solving. The AI system can 
independently calculate a strategy and weigh the decisions that need to be made based on that. 
For Jonas the AI suggestions seem to be useful, but he never knows exactly which information 
and tools the AI considers and which it disregards. 

What sets this AI system apart is its high degree of automation: based on cal
culations it independently determines relevant data, analytical tools, and appro
priate weighting of competing priorities. While Dr. Meier often finds its sugges
tions helpful, the logic behind these outputs remains opaque – raising concerns 
about transparency, particularly in ethically complex decisions such as prioritizing 
between equally urgent patients with different prognoses or resource needs. 

This scenario reveals the critical importance of AI governance, particularly 
when advanced AI systems influence not only clinical workflows but also ethical 
judgment and institutional authority. In the absence of structured oversight or in
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terdisciplinary governance bodies, clinicians like Dr. Meier are placed in vulnerable 
positions – legally and morally accountable, yet without real visibility into how AI 
outputs are calculated. This “algorithmic responsibilization” risks eroding both trust 
and professional autonomy. From the perspective of SET, technical reliability alone 
is insufficient. What is needed are institutionalized structures for explainability, 
clinician participation, and dynamic feedback. (AI) Governance frameworks must 
clearly delineate accountability lines for decision outcomes – especially when AI 
recommendations are accepted or overridden. Furthermore, professionals must be 
provided with systematic channels to shape AI system development, contribute to 
risk evaluation, and evaluate emerging patterns of bias or opacity. 

The trustworthiness of advanced AI systems depends not only on the accuracy of 
these systems but also on the institutional scaffolding that ensures their contextual 
use. Trust arises from meaningful engagement – AI governance that ensures trans
parent AI integration, preserves professional discretion, and embeds human over
sight as a non-negotiable standard. In this context, the perceived ability to evaluate 
the trustworthiness of AI (usage) becomes both more fragile and more essential. For 
professionals like Dr. Meier, this ability hinges not only on cognitive competencies 
or ethical awareness, but fundamentally on whether (AI) governance structures en
able transparent insight, facilitate critical reflection, and foster a climate of shared 
responsibility in navigating opaque and high-reliability AI outputs. 

4.3. Perceived Ability to Evaluate Trustworthiness of AI Usage 

In line with the EU AI Act, professionals must not only follow AI recommendations – 
they must be capable of critically evaluating them. This calls for the development of 
user impact awareness – an emergent competence involving the capacity to foresee 
how AI system decisions impact patients, professional workflows, and wider orga
nizational outcomes. 

For Dr. Meier, this is particularly relevant. The advanced AI system automatically 
filters and interprets vast data sets but provides little insight into its ‘decision ratio
nale’. This opacity becomes problematic when prioritization outcomes are poten
tially biased – for instance, if patients with more complete digital histories or from 
wealthier neighborhoods are systematically favored. Such patterns, if undetected, 
can solidify through feedback loops, reinforcing disparities. Assessing trustworthi
ness under these conditions requires time, support, and structured empowerment: 

• Explainability tools must be embedded in the AI system to reveal key decision 
pathways. 

• Institutional mechanisms for interdisciplinary validation and ethical review are 
essential. 
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• Professionals must be granted both the time and training to engage critically 
with AI system outputs. 

Advanced SET provides a powerful lens here: access to information (here, e.g., 
how the AI system works), resources (training, time), support (interdisciplinary 
exchange), and opportunities (participation in governance) are essential for cul
tivating capacity to assess AI system trustworthiness. Only through such holistic 
empowerment can healthcare systems ensure just, effective, and ethically grounded 
AI integration. 

5. Conclusion 

This article has examined the essential role of structural empowerment in fostering 
the ability to evaluate the trustworthiness of AI systems, particularly within health
care settings. Through the lens of SET, we explored how the integration of AI systems 
transforms work practices, professional roles, and governance structures. Our anal
ysis shows that while AI systems can greatly enhance decision-making efficiency, 
they also pose new challenges. 

Successfully interacting with AI systems requires labor capacity and competen
cies that differ from those needed for traditional information systems. A key abil
ity is to evaluate AI systems’ trustworthiness. However, we demonstrated that this 
ability is not solely a matter of individual competence but also depends on organi
zational conditions that support vocational training, access to information, collab
orative practices, and participatory governance. Using scenario-based analysis, we 
illustrated how narrow AI and advanced AI systems differently impact healthcare 
professionals’ ability to make informed and responsible decisions. 

Our analysis also shows that the degree of ‘agency’ – understood as automated 
and independent functioning, calculating, and ‘deciding’ – of the AI system signif
icantly influences the individual capacities required to assess the trustworthiness 
of AI. As AI systems become more advanced and workflow automation increases, 
the complexity of evaluating their outputs grows, making it increasingly difficult 
– even impossible in some cases – for individual healthcare professionals to assess 
trustworthiness on their own. Therefore, AI governance should establish structures 
that distribute the responsibility for evaluating trustworthiness rather than plac
ing it solely on individuals. This approach not only mitigates risks associated with 
increasing system autonomy but also fosters a more collaborative and supportive 
evaluation process. 

The findings suggest that successful AI integration requires more than just tech
nical training; it necessitates a comprehensive approach that embeds empowerment 
at multiple levels of the organization. Empowering healthcare professionals through 
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transparent governance, continuous learning opportunities, and active involvement 
in AI governance fosters both individual and collective capacities. Thus, AI gover
nance should not only focus on regulating technology but also on shaping the hu
man-AI interaction in ways that reinforce professional autonomy, competence, and 
trust. 

To achieve this, healthcare professionals need support from their organizations 
in the form of access to empowered structures. Practically, this means establishing 
new learning and design processes that enable ongoing skill development and adap
tation. Digital governance should also focus on creating communication channels 
and reflection spaces that connect individuals and organizations, such as intranets 
or professional networks for continuous exchange and knowledge sharing. Design
ing these structures appropriately will be a core task of digital governance in the 
future. 

Ultimately, the adoption of AI systems in healthcare must prioritize structural 
empowerment to ensure that professionals remain confident, capable, and account
able in their interactions with increasingly autonomous systems. This approach will 
enable organizations to harness the potential of AI while safeguarding human-cen
tered decision-making and maintaining ethical standards in medical practice. 

Nevertheless, our analysis shows that while structural empowerment is a 
promising approach to fostering skills and competencies in working with AI sys
tems, it is not a universal solution. Creating structural conditions that ensure 
access to information, resources, support, and continuous development is crucial, 
but these measures alone cannot fully address all challenges related to AI use. 
In complex and dynamic environments, such as certain healthcare settings, even 
well-designed empowerment structures have their limitations. For example, the 
growing functions and functioning of advanced AI systems may continue to create 
uncertainties that structural measures alone cannot resolve. Moreover, continu
ously aligning individual competencies with rapid technological advancements 
remains a challenge. By embedding structural empowerment within a dynamic and 
adaptable governance framework, organizations can better equip healthcare pro
fessionals to navigate the evolving challenges posed by AI systems while ensuring 
professional autonomy, competence, and trust. 
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